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Introduction LIM Filter Filtering RMM in ERA-5 and the IFS

The tropics contain phenomena that vary on many different timescales. On intra-
seasonal scales, tropical variability is dominated by the MJO, and indices used

to identify it contain other processes with different limits of predictability and LIM Eigenvalue Distribution
downstream impacts. In this work, we introduce a way of dynamically filtering

= We filter the optimal initial structures associated with the MJO
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tropical variability that is based on a linear inverse model (LIM). In particular, we LIM-Filtered ERA-5 Hovmoller
compare the forecast model representation of tropical intraseasonal modes to QD A MIOF MI0.S
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1 Combined wind (usng,v900,us50,v550) (28 EOFs, 48% of total variance)
2 SST (14 EOFs, 66% of total variance)
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. |Phases 6 and 7 (828 events)

. We have presented a method for filtering tropical variability using the eigenmodes
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. o oo o ) of a linear inverse model. This method can be applied to both observational and
| T T - L L s os o model data, and can be used to determine how well modes of tropical variability
are represented in forecast models.
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